The study compares the labor market experience of men with disabilities before and after the Americans with Disabilities Act of 1990. The handful of studies that have focused on the wage impact of disabilities have either not fully incorporated the probability of employment into the analysis or have not correctly decomposed the wage differences in light of selectivity corrections. After estimating a two-stage model of the probability of employment followed by a wage equation for men with and without disabilities, I use Newman and Oaxaca?s (2004) method to correctly decompose the distributions. In addition, I also perform a similar analysis to explain the differentials in employment rates between the non-disabled and disabled. The analyses are performed for samples before and after the passage of the Americans with Disabilities Act of 1990. The results from studies of the Survey of Income Program Participation (SIPP) of 1984, 1990, 1996 and 2001 indicate that the employment and wage gaps between the disabled and the non-disabled have risen sharply over time, both before and after the passage of the ADA. Most of the rise prior to the ADA was attributable to arise in differences that cannot be explained with measurable factors. Nearly all of the rise in the gaps in the 1990s, however, is attributable to factors that can be measured. The unexplained differential has held relatively constant during that period. 
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Introduction
On July 26, 1990 , the Americans with Disabilities Act (ADA) was legislated to protect the civil rights of persons with disabilities. The ADA was expected to increase the employment and wages of people with disabilities. Although the anti-discriminatory law was enacted to ensure equality of opportunity for persons with disabilities, promote their economic self-sufficiency, and encourage independent living, researchers find that the ADA had little impact on the labor market new evidence on the effects of disability discrimination laws. They find that disability discrimination laws are associated with lower relative earnings of the disabled, with slightly 3 lower labor force participation rates among the disabled, but the laws are not associated with lower relative employment rates for the disabled once they control for pre-existing employment trends among the disabled. There is some research on wage differentials between individuals with disabilities and ones without disabilities in the U.S. labor market. Schumacher and Baldwin (2000) find an increase in wage differential between people with and without disabilities between 1990 and 1993. On the other hand, Moon and Shin (2006) show that estimated effects of the ADA on dollar-valued well-being measures (i.e., wages and total personal income) of men with disabilities are sensitive to the measurement of disability in use. The ADA effects on dollarvalued well-being measures of disabled men are found to be larger and more statistically significant for objective measures than for a self-reported measure of disability.
A fundamental assumption underlying the ADA is that disabled individuals retain low economic status in part due to discrimination in the labor market and lack of access to employment opportunities. While many researchers (Johnson and Lambrinos 1985, Johnson 1994, 2000) examine the labor market experience of persons with disabilities with emphasis on the discrimination perspective, few studies attempt to evaluate the impact of the ADA from the discrimination perspective. DeLeire (2001) finds that the discriminatory component of the wage gap did not fall after the introduction of the ADA, but the study has not paid attention to the impact of the ADA on employment participation of the disabled.
There are several contributions of this study. First, I contribute to the literature on the impact of the ADA with direct analyses on the changes in unexplained differentials (discrimination and the residual effects) for the disabled in terms of both employment rates and wage differentials. Second, I apply a newly suggested decomposition methodology by Neuman and Oaxaca (2004) that can be applied to decompose the actual wage differentials when the Heckman sample selection model is utilized. Third, this study includes a broader time period before and after the ADA. I use information from the SIPP 1984 SIPP , 1990 SIPP , 1996 SIPP , and 2001 4 comparisons to cover a longer time span before and after the passage of the ADA. 2 Finally, disability may be a socially acceptable and convenient rationalization of absence from the labor market. Accordingly the literature has been concerned about "justification bias" or the endogeneity of self-assessed health measures. I utilize relatively more objective measures of disability in this study.
The results shown here are different from the results of previous studies on the impact of the ADA on the labor market performance of the disabled. Consistent with previous work, I also find that there was no improvement in both employment opportunities and the wage for the disabled even after the introduction of the anti-discriminatory law. However, in the decomposition analyses where I control for a number of characteristics of the non-disabled and disabled, I find interesting results not found by the previous studies. Although the unexplained differentials for employment rates between the non-disabled and disabled had increased, there are no significant changes in the relative portion of the unexplained components over time. Furthermore, although I do not find an apparent decline in the unexplained portion of the wage gap, the relative portion of the unexplained components has significantly narrowed in the post-ADA. If the negative productivity effects of poor health on labor market performance have not changed over time, the ADA was successful to the extent in reducing wage discrimination against people with disabilities in the U.S. labor market.
Econometric Framework
This study focuses on explaining how observed and unobserved factors affect the differentials in employment opportunities and earnings between the non-disabled and the disabled. Using the Heckman sample selection model, I estimate both labor supply and wage equations for the two groups with data from the Survey of Income and Program Participation (1984, 1990, 1996, and 2001 ). Since there is a selection correction term in the Hackit model, it is inappropriate to use the decomposition methods that have been commonly applied to estimate the extent of discrimination. 3 In this paper, a newly suggested decomposition method (Neuman and Oaxaca, 2004) , which is applicable to the wage decomposition of selectivity-corrected wage equations, is applied to divide the total wage gap into the explained and unexplained components 4 . Along with the estimation of unexplained components of wage differentials for the disability, I investigate changes in the impact of unexplained components on differences in employment opportunities before and after the ADA.
Estimating Employment Participation and Wage
The wages earned by employed workers (the observed wages) are biased measures of the wages receiving by all labor force participants because some of the influences on wages also determine whether or not individuals participate in the labor force. The bias may be substantial in the estimation of earnings functions for persons with disabilities because many disabled persons are not employed. Heckman"s sample selection model can correct for this bias in the earning functions. I, therefore, use the model to estimate the wage and employment status coefficients of both non-disabled and disabled.
Let us first consider probit equations which are the first step in the Heckit model. I follow the traditional labor force participation model in assuming that an individual decides upon whether or not to enter the labor market on the basis of a comparison between the employer"s 6 wage offer and his or her reservation wage. There is a large differential in the employment participation rates between the non-disabled and the disabled. The low employment participation of the disabled could be due to in part to high reservation wages associated with certain types of disability as a consequence of disability income transfers and the extra demands on time and energy required to participate in the labor force. Low employment rates might also be due to low market wage rates offered to the disabled as a consequence of lower levels of productivity and/or employer discrimination (Kruse and Schur, 2003) . To examine the relationship between offer and reservation wage, we begin with the specification of the human capital-based wage offer equations, which may be written as: There are two distinct purposes in the estimation of the probit model. First, it estimates the bias correction term / selectivity variable that corrects for sample selection bias. Second, using the method suggested by Even and McPherson (1990) , it enables the difference between average employment rates for the two groups to be decomposed into those attributable to differences in human capital related characteristics and those related to unexplained components.
Most explanatory variables in probit equations are included in the wage equations as well. However, in order to estimate an economically valid correction term, we need exclusion restrictions. I use non-labor income and various family structures in the employment decision equation and exclude them from the wage equation. This assumes that those variables play a role in determining whether individuals participate in the labor force or not, but do not directly affect the wages of workers. For example, it seems reasonable to assume that the presence of children and positive spouse"s earnings are far more likely to influence whether a person enters the labor force than it is to influence the offered wage after they have entered. 5 The Heckman two-stage procedure is adopted. The probit estimates on the employment decision are used to create the selectivity variable (inverse Mills ratio),  , which is then included as an additional regressor in the wage equation which is estimated by OLS. Consequently, the sample selection corrected wage equation may be written as follows: 
Estimating the Unexplained Causes of Employment Differentials
The results in the first step are used to measure the extent to which unobserved factors influence the difference in employment rates for disabled and non-disabled workers. However, the common decomposition methods to be used in estimating wage discrimination cannot be implemented for the probit model because of the non-linearity. Even and McPherson (1990) suggest a method that enables the difference between the average participation rate for the two groups to be decomposed into that attributable to differences in human capital related characteristics and the unexplained component. The unexplained residual combines the extent to which the disabled face discrimination and also the extent to which there are unmeasured aspects of productivity. 
The corresponding measure of the gap explained by the difference between non-disabled and disabled measured characteristics (EXP) is:
Even and McPherson"s suggestion is an application of Oaxaca (1973)"s wage decomposition for a continuous variable applied to probit model. The advantage of this method is that it allows us to control for non-disabled/disabled differences in education, experience, health conditions, family structures, level of unearned income, and all measured factors likely to be correlated with the tendency to participate in employment. However, given the possibility of omitted variables, in particular the extent and severity of the disability and its impact on labor productivity in the current setting, the usual caveat applies in interpreting the residual component.
The unexplained component is likely to reflect the role of uncaptured differences in tastes and productivity in addition to the possibility of employment discrimination. Furthermore, we need an additional assumption that measured characteristics are determined exogenously without being affected by the disabilities. For instance, if poor health conditions discourage the disabled from attaining higher education, we will confront identification problems in our decomposition of employment differentials into the explained and unexplained components. 
Estimating Unexplained Components in Wage Differentials
8 Equation (8) states that the gross wage differential is the sum of the wage difference in offer wages that is attributable to the 7 In Neuman and Oaxaca (2004) , several methods to deal with the selection bias correction term are suggested. Among a few alternatives, we would choose the most encompassing way to view discrimination. This suggestion is to regard both difference in  parameters from the probit selection equation for employment and differences in the wage effects of selectivity (  ) as manifestations of discrimination.
Differences in the values of the employment determining variables ( ' H ) between the disabled and the nondisabled would be treated as nondiscriminatory endowment effects. The first assumption has been claimed by several previous researchers (see Johnson, 1992, 1994 , and 2000 for the details), and the second one is also normally assumed in the discrimination literature. In regards to the last assumption, I assume that labor market discrimination does not affect the employment determining variables.
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part of the unexplained differentials (discrimination and residual effects) and the wage differential due to the difference in productivity. The terms
in the first and second brackets respectively are the key parts that allow us to do the correct decomposition when the lambda, selectivity correction term, is included in the wage equations. 
Definition of Disability and Data
There is no single commonly accepted, straightforward definition of disability. Different researchers define disability in various ways because it is a fairly subjective issue. However, it is an important step to define disability at the beginning of each of the disability studies since the disabled population rates are not only quite different depending on the definition, but also the definition may influence the results of studies and how they are interpreted.
There are two main ways to determine the existence of a disability from survey data. , it is subjective and there may be social and economic incentives to misreport disability status (Bound, 1991 and Currie, 1999) . Second, empirical studies use self-reported information on specific heath conditions or more objective measures of health. Although such observations are less likely to suffer from the bias of disability reporting, the information on disability tends not to be as closely related to limitations on work and thus suffers from measurement errors (Bound, 1991) . 10 Among the The topical module that supplements each core file collects different information in each wave so that I merge the topical module that includes information on functional limitations with core files.
The notable difference between SIPP and other survey data is that it includes both detailed 10 I admit that although the functional limitations are highly correlated with self-reported work limitations, we cannot guarantee that those with functional limitations report the work limitations, vice versa. of the adoption of the ADA during 1990 before the law is legally effective. 11 Since this is difficult to determine, it is preferable to say that SIPP 1990 reflects a market that is in the process of adapting to the new law.
I restrict the sample to the men between the ages of 18 and 62 who are not enrolled in school to avoid gender discrimination effects and the restrictions focus only on individuals who are at working age. As the SIPP contains different sample units across years, the total number of observations varies. I define employment participation if the individual is an employee with a positive wage for the reference month ( Figure 1 and Table 2 ). The hourly pay variable for Equation (5) is based on usual weekly pay divided by usual hours ( Figure 2 and Table 3 ). After creating the hourly wage rates, I drop workers whose hourly earnings are either less than 2 or more than 200 dollars among those employed for the reference month.
The detailed definitions of explanatory variables used in this study are presented in Appendix 1. I apply the usual Mincer measure to infer labor market experience (maximum potential experience) as age -years of education -5. Particularly, for those without a high school degree, I assume that they enter the labor force at age 17. I also incorporate dummies indicating the different level of educations. In addition, dummies are included for health status in both 14 employment participation and wage equations. Occupation and industry variables are included in the wage equations.
As explained in the previous section, we need exclusion restrictions to correct for the selection bias in wage equations. Unearned income and various family structure variables are included in the employment equation but excluded from the wage equation. These are expected to influence the reservation wages, but not the offered wages. Finally, while dummy variables for union membership and part-time work status are included in wage equations, they cannot be included in the employment equations because such information is unavailable for those who are not employed. Tables 2 and 3 provide summary statistics of all the major variables used in the empirical analysis for employment participation and wage equations. As shown in Figure 3 , according to the definition of disability in this paper, the percentage recorded as disabled has fallen by two or three percentage points from a starting value of around 12 percent in 1984 to slightly less than 10 percent in 2001. 12 Employment participation rates rose from 76.6 percent for the non-disabled men in 1984 to 85.2 percent in 1996 before declining by 3 percentage points by 2001 (Table 2 ).
Estimation Results
For people with disabilities, employment rates have consistently decreased from 56 percent to 41percent so that the differences in employment rates between the non-disabled and disabled have increased from 21 percentage points to 41 percentage points over the study period ( Figure   12 In contrast with the U.S. results, Jones et al. (2006) found that the percentage of disabled in the UK has increased by six or seven percentage points over the period 1997-2004. However, we should be careful to compare results across different studies because as previously mentioned each study applies a different criterion to define disability. They defined disabled as individuals who have a self-reported long-term illness (12 months or more). However, the raw data do not control for individual characteristics. It is necessary to implement more sophisticated analyses to estimate the real impact of the ADA, controlling for the difference in individual characteristics between the non-disabled and the disabled.
It is also worth noting several important differences in the means of other explanatory variables. The non-disabled on average have higher educational attainments than the disabled.
However, the non-disabled have shorter labor market experience, because disability tends to be associated potentially with age. 14 In Table 3 , we compare the difference between non-disabled and disabled in terms of the distributions of occupation and industry. The disabled are underrepresented relative to the non-disabled in the high paying managerial and professional occupations and over-represented in manual occupations, which is one explanation for their lower wage levels. However, we do not find notable differences in the employment shares in each of industry between the groups. 15 Moreover, the disabled are more likely to be employed part-time than the non-disabled. Both groups show increases in the proportion of part-time workers after 13 It should be noted that these results depend on the definition of disability and definition of employment status in this study. 14 The measurement error issue relevant with using potential experience as a proxy for labor market experience is probably larger for the disabled group because they are more likely to have had absences from the labor market for their poor health conditions. See Regan and Oaxaca (forthcoming) for more discussion regarding the measurement error issue in potential experience and its implication for wage decomposition. 15 More sophisticated analysis will be carried out in the Section 4.3 regarding the comparison of the occupation distributions for the two groups.
16 the enactment of the ADA. In line with expectations, a higher proportion of disabled workers self-report their health status as fair or poor rather than better health conditions. Finally, while there is no significant change in the amount of nonwage income among the non-disabled across different time periods, the unearned income for the disabled has increased from $300 in 1984 to $693 per month in 2001. 16 I conjecture that more recipients of disability program benefits after the ADA could be a possible reason for this appearance.
Equation (4) and (5) are estimated for non-disabled and disabled group for four cross sectional data sets, before and after the ADA, to evaluate the impact of the Act on the U.S. labor market. Table 4 presents estimation results for employment participation, which are selection equations in the Heckman model. The regression results of wage equations for each of the groups are displayed in Table 5 . The explanatory variables such as educational attainments, experience, and health conditions are anticipated to influence both offer wages and reservation wage. Using the estimation results from the Heckman sample selection model, we do decomposition analysis as presented in equations (6) and (7) for employment differentials and in equation (8) for wage differentials between the non-disabled and the disabled (Tables 6 and 7 ).
Employment Participation Equations
The employment participation probit estimates are provided in Table 4 . In all cases, Likelihood
Ratio tests unambiguously reject the null hypothesis that the coefficients in each regression are jointly insignificant. Turning to the coefficient estimates, most findings are in accordance with expectations. For both the non-disabled and the disabled, higher education attainment increases the probability of being employed. However, the marginal effect of each education variable is stronger for the disabled, indicating the particular importance of obtaining higher education among the disabled. There are also strong experience effects, with positive and negative signs on the linear and quadratic terms, respectively observed in all cases. Whites are more likely to be employed, while unmarried males are less likely to be employed than those with dependents without spousal earnings (the omitted group). As shown in the results, unearned income has pronounced negative effects on labor force participation. In theory non-wage income increases reservation wages, regardless of health status. People who report better health are more likely to be employed as expected. 
Sample Selection Corrected Wage Equations
In general, it seems that earnings are determined in a similar fashion for disabled and nondisabled workers (Table 4 and Sample selection into employment does not have substantial effects on the earnings of the disabled. The sample selection correction parameter in the earning functions is statistically insignificant for the disabled workers in every sample except the one in 1984. 19 Given that most of the coefficients of the selection correction term are statistically insignificant, the results are little affected by whether or not a correction is made for sample selectivity. Tables 6 and 7 represent the set of decomposition results for both the employment and the wage differentials. Equations (6) and (7) Thus, it appears that between 1984 and the passage of the ADA most of the rise in employment differentials between the disabled and the non-disabled was explained by a rise in the unexplained differential. After the passage of the ADA, the employment differential continued to rise, but for a different reason. Either due to differences in employers' hiring practices after the ADA or other changes during the 1990s, the increase in the employment differential was driven more by an increase in the measured differences between the disabled and the non-disabled.
Decomposition Results of the Differentials in Employment and Earnings
The set of decomposition results of wage differentials in Tables 6 and 7 come from applying the decomposition method suggested by Neuman and Oaxaca (2004) . Standard errors for the estimates of decompositions are calculated via the bootstrap method. Let us first focus on the wage differences between two sub-groups shown in raw data and how they have changed.
Average hourly wages in 1984 are $10.62 for non-disabled men and $9.97 for men with 20 disabilities. Both groups experienced hourly pay increase as time goes by. However, the nominal wage difference between the non-disabled and the disabled has increased over time.
Contrary to the decomposition results regarding employment differences, the wage decomposition analysis in Tables 6 and 7 indicates that there has been a significant change in wage differences attributed to between-group differences in productivity-related characteristics and an unexplained portion which is discrimination and residual effects. The unexplained components of the log wage differential has not risen so dramatically, as it has risen from .037 in In 1984 when the overall differential in wages was low at 3.7 percent, the decomposition of the wage shows that the entire differential is attributable to the unexplained differential. By 1990 the wage differential had risen to 6.5 percent in 1990s, but by that point a slightly smaller percentage of the differential, 85 percent, was attributable to the unexplained component. By 1996, six years after the ADA was passed, the wage differential had risen to 9.1 percent, largely due to a rise in differences between the disabled and non-disabled that can be explained with measureable characteristics. The explained differential rose to 5.2 percent, while the unexplained difference fell back to 3.9 percent. Thus the unexplained differential by 1996 accounted for only 43 percent of the overall differential. Between 1996 and 2001 the overall wage differential rose again to 11.4 percent, this time because both the unexplained and the explained differential both increased. As a result, the unexplained differential accounted for 46 percent of the overall differential.
The results show that the gap between the disabled and the non-disabled increased sharply both for the probability of being employed and for the wage paid between 1990 the year that the Table 6 also decomposes the explained component of wage differentials into subcomponents. 20 While the negative contributions of labor market experience to the explained wage differentials has narrowed, the effects of education do not show a significant change in transition.
Regarding experience, the relative average age of the disabled men has decreased (Table 3) , and
the coefficient values on experience variable decreased (Table 5 ). These two changes both led to a decrease in the explained differential attributable to experience to -.0826 in 1990, -.0628 in 1996, and -.0471 in 2001.
The results also suggest that occupation and health condition differences play a major role in earning differences between the non-disabled and disabled. Difference in occupations and health conditions help explain why the wage differential is so large. The non-disabled tend to be in higher paying occupations, which explain .027 in the log wage differential between the nondisabled and disabled in Table 6 in 1984, 1990, and 2001, and .024 of the differential in 1996.
The non-disabled also tend to have better health, which contributes to explaining .0299 of the log wage differential in 1984. Tables 2 and 3 show that the number of disabled persons reporting fair or poor health has risen relative to the number of non-disabled persons with fair or poor health in Tables 2 and 3 . The increase in poor health among the disabled relative to the non-disabled is one 22 of the reasons why the log wage differential explained by the difference in health rises to .0357 in 1990, 0.0483 in 1996, and .0418 in 2001. 21 The last two rows in Tables 6 and 7 represent the decomposition of wage differentials into the explained and unexplained differentials without controlling for occupation and industry variables.
This should provide important checks because the disabled may choose certain occupations and industries, either voluntarily or involuntarily, which they would not choose unless they are disabled. Mullay and Sindelar (1992) report that alcohol dependence reduces the probability that a man is in a management, administrative, and technical or professional occupation. These are the highest paying jobs.
Previous studies did not attempt to examine the effects of self-selection in the choice of occupation and industry among the disabled. If workers with disabilities involuntarily settle for specific occupations because of labor market discrimination, the estimate of the unexplained wage differentials should be underestimated. Prior to the implementation of decomposition analysis without occupation and industry dummies, it is worth investigating how much occupation dissimilarity exists between the non-disabled and the disabled. The distribution of the non-disabled and disabled men across occupations is reported in Table 3 . Occupations in the labor market are somewhat segregated. In 1984, for example, whereas workers without disabilities are relatively more likely to hold professional jobs, ones with disabilities are more likely to work in semi-skilled jobs. A convenient way to summarize the level of segregation is to use the dissimilarity index,

D. This index is widely attributed to Duncan and Duncan (1955) , who described some of its properties. Using the Duncan index, the trend in occupation dissimilarities in the U.S. is .14, .12, . 10, and .10 in 1984, 1990, 1996 , and 2001, respectively. 22 Interestingly the inequality of occupation distributions was improved in post-ADA. As expected, the percentage of the unexplained differential is larger than when occupation and industry are controlled, but the difference is not at a significant level. More importantly, the unexplained differentials have still decreased before and after the ADA.
As noted above, in terms of the actual differences in wage and employment between the nondisabled and the disabled, individuals with disabilities by 2001 were much less likely to be employed relative to non-disabled people than they were in 1984. The disabled who had jobs also experienced a larger gap in their earnings relative to the non-disabled. Based on decomposition analysis, non-trivial portions of both employment and wage differentials are attributable to the unexplained components. The unexplained components are somewhat difficult to interpret in the current context. Although we attempted to control for the impact of poor health upon productivity by including self-assessed health status in our analysis, it is difficult to adequately control for the impact of disability upon productivity. However, if we assume that the effects of unobservable health characteristics on the unexplained differential are constant across different time period, we may be able to interpret the unexplained components in the traditional manner. Although the ADA prohibits employees from discriminating in employment against individuals with disabilities, we do not find any improvements in employment opportunities among the disabled after the introduction of the ADA. On the other hand, a significant improvement was found in the reduction of the unexplained wage differential. 22 The Duncan index is defined as  D has a convenient interpretation -it is equal to the fraction of the disabled (or the non-disabled)
that would have to change occupations in order for the proportions of the non-disabled and the disabled in each occupation to be equal.
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Concluding Remarks
In this analysis I made several adjustments to earlier work in the field. First, I applied an alternative definition of disability which is more objective compared to other studies. Second, I
decomposed the actual employment and wage differentials using a newly suggested decomposition technique to deal with the selection correction term, in lieu of the selection bias adjusted wage differential. percent. Meanwhile, the gap in wages nearly doubled from 3.7 percent to 6.6 percent. In both cases, nearly all of the rise in the gap was attributable to a rise in factors that were not measured in the analysis. To the extent that unmeasured features of productivity did not change during this period, the rise in the gap might be attributable to an increase in discrimination against the disabled that is unrelated to productivity differences.
From the passage of the ADA in 1990 through 1996 and on to 2001 the gap in employment rates and wages between the non-disabled and the disabled rose further. The employment probability gap rose another 50 percentage points from 30.2 percent to 40.6 percent, and the wage gap nearly doubled again from 6.6 percent to 11.4 percent. This change, however, was not due to a rise in the unexplained differential. During the period the ADA has been in force, therefore, the increase is primarily attributable to differences that are based on measurable factors.
In deciding how to discuss these findings with respect to the timing of the passage of the ADA, it is important to interpret the unexplained differentials carefully. Some component of the unexplained differential could be due to discrimination against the disabled that is not related to their productivity in the workplace. However, the fact of the disability typically places obstacles to productivity for the disabled that are not easy to quantify, so the extent of economic 25 discrimination measured by the unexplained differential might be smaller than in the case of racial or gender discrimination. In this paper, I included self-reported health status to control for the productivity difference between the non-disabled and the disabled. Even so, the included variables may still be insufficient to control for the productivity difference. The results that I have described might be interpreted as upper bounds within which the true measure of employment and wage discrimination is likely to fall.
The ADA appears to have been associated with a halt in the rise of unexplained differences, a part of which might be economic discrimination, in the 1990s. But the disabled apparently still face increasing challenges based on measurable factors that have led to an increasing gap in their employment and wages relative to the non-disabled. Hourly wagenondisabled Hourly wagedisabled Note: standard deviation in the parenthesis. 
